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The authors examine the influence of neighborhood characteristics on the 
academic outcomes of children in middle childhood. Prior research has 
examined structural features of the community and has evaluated their 
associations until youth outcomes (Brooks-Gunn, Duncan, Klebanov, &  
Sealand, 1993; Kowaleski-Jones, 2000). Other research has related perceptions 
of community environment to youth development (Aneshensel &  Sum//. 1996). 
This work seeks to bridge these two st reams of research by considering the 
influence of both objective and subjective measures of the community 
environment on school-aged children.
Data are drawn from the 1990 Census and the 1997 Panel Study of 
Income Dynamics Child Development Supplement (PS/D-CDS). Results 
indicate a negative influence of living in a community with low socioeconomic 
resources for academic achievement. In contrast, in some models, results 
suggest a positive role for living in a community rich in immigrant 
concentration for school-related behavioral adjustment and ach ievement 
outcomes. © 2006 Wiley Periodicals, Inc.
INTRODUCTION
Researchers and policy makers have been interested in understanding the ways in which 
neighborhoods influence children. Prior research has exam ined the associations 
between structural (i.e., Census-based) features of the community and youth outcomes
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(Brooks-C.unn et al., 1993; Kowaleski:Jones, 2000). O ther research has related percep­
tions of community environm ent to measures of youth problem behavior (Aneshensel Sc 
Sucoff, 1996). O ur goal is to bridge these two streams of research by examining the role 
that both structural measures and parental perceptions of neighborhood quality play in 
shaping scholastic success.
BA CKGROUND
Recently, scholars have employed a positive youth development perspective in research 
addressing the well-being of children, acknowledging that youth should be seen as 
important potential resources (Lerner, Almergi, Theokas, Sc Lerner, 2005; Roth Sc 
Brooks-C.unn, 2003). This perspective suggests that features in a child's environm ent act 
as either internal or ecological assets in prom oting healthy development (Benson, 2002). 
Internal assets could involve a youth's own social competencies, such as self-esteem and 
positive values. Ecological assets, in contrast, are features of a youth's larger social envi­
ronm ent and could range from family support to em powerm ent in the community that 
is mobilized toward setting boundaries and expectations for youth. A body of research 
has examined how youth have responded to these assets and has found that positive ado­
lescent perceptions of their communities predict positive youth outcomes (Theokas et 
al., 2005). The current study uses both Census-based measures and parental perceptions 
to capture ecological assets in the child's environment.
STRUCTURAL CHARACTERISTICS OF N E IG H B O R H O O D S
In recent years, several researchers have tested the power of community-level assets, or 
investments in children, by examining the associations between Census-based neighbor­
hood measures and the development of children. A consistent finding is that the num ­
ber of affluent, or high socioeconomic status (SES), neighbors in a Census tract is the 
most im portant neighborhood factor predicting positive child outcomes (Brooks-C.unn 
e ta l., 1993; Chase-Lansdale, Gordon, Brooks-C.unn, Sc Klebanov, 1997).
An important recent stream of research examining the influence of neighborhoods 
on children comes from the Moving to O pportunity (MTO) randomized housing-mobil- 
itv experiments. The experimental design of MTO, in which a random group of families 
is given vouchers to move from high-povertv to low-povertv neighborhoods, disrupts the 
link between family residential preferences and adolescent outcomes, and helps to over­
come issues of selection bias present in previous studies. It is im portant to note, howev­
er, that data from randomized experiments, such as MTO, are only generalizable to low- 
income residents of housing projects; it is no t clear whether the results translate to other 
groups of children. O rr et al. (2003) trace the movement of children from high-povertv 
to low-povertv neighborhoods in the complete sample of five MTO sites1 and show no sig­
nificant effects of changing residential settings on academic achievement, suggesting 
that this may be because the quality of children's schools did not improve substantially. 
In contrast, Leventhal and Brooks-C.unn (2004) found that, for boys in the New York City 
MTO site, moving to low-povertv neighborhoods is associated with higher test scores 2 ’/»
' The live MTO sites were Baltimore. Boston. Chicago. Los Angeles, and New York.
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years after moving. Further analysis, however, found that these results were not sustained 
at the 5-vear follow-up (Leventhal, Fauth, & Brooks-C.unn, 2005). Finally, Ludwig, 
Duncan, and Hirschfield, (2001) examined data from the Baltimore MTO site and found 
that moving to a low-povertv neighborhood was associated with improved academic out­
comes for younger children, but not for teens, at 2 '/a years postmove. Thus, the MTO 
studies provide evidence of a complex relationship between residential location and aca­
demic success.
Using data from the Child Development Supplem ent of the PS1D (PS1D-CDS), which 
is the data used in the current study, Turley (2002, 2003) examines the influence of 
neighborhood factors on three specific measures of youth competence: positive self­
regard, behavior, and test scores. Turley’s (2002) results suggest that relative disadvantage 
(the income gap between children and higher income neighbors) has a beneficial effect 
on all three outcomes, suggesting that affluent neighbors serve as assets for children. 
O ther work by Turley (2003) focuses on race differences in the influence of neighbor­
hood income on children and finds that White children benefit when average income in 
a neighborhood increases, whereas African American children only do so when living in 
predom inantly African American neighborhoods.
PARENTAL PERCEPTIO NS A B O U T  COM M UNITIES
In addition to examining structural factors of the neighborhood, measured with Census 
data, this study also tests whether parental perceptions of the neighborhood have inde­
pendent effects on child well-being. We focus specifically on parental perceptions of com­
munity cohesion and perceived social control.
In doing so, we build off the work of Sampson, M orenoff, and Earls (1999), who 
have poin ted  to the im portance of shared connections, or social cohesion between 
adults and children in the community, and who also emphasize inform al social con­
trol of children. Sampson et al. (1999) focus on survey-measured aspects of com m u­
nity social control and  cohesion, while Sampson and Raudenbush (1999) data collec­
tion efforts were at the com m unity level, including systematic social observations 
involving block-bv-block videotaping, and analyses o f school, police, court, and o ther 
agency records. In contrast, the cu rren t study focuses on parental perceptions o f these 
aspects of the community.
Theory suggests that perceptions of the community can play an im portant role in 
influencing children’s academic outcomes. Burton, Price-Spratlen, and Spencer (1997) 
and Spencer (2001) note substantial within-neighborhood variability in perceptions of 
neighborhood quality. Spencer suggests that conceptualizations of neighborhood effects 
must consider individuals’ perceptions of their environments, as it is these perceptions 
that influence behavioral outcomes. The implication is that the impact of neighborhoods 
on children may be misestimated if we neglect how it is subjectively processed and inter­
preted  by either the children or their parents.
A limited body of research has related perceptions of neighborhood cohesion or 
control to child well-being. Spencer, Cole, Jones, and Swanson (1997) fail to find linkages 
between youth perceptions of neighborhood cohesion and behavioral adjustment. When 
examining the effects of average neighborhood income on outcomes for African 
American children, Turley (2002) finds that the benefits for African American children 
emerge only when the parents of these children know at least 15 o ther neighborhood 
children by name, which is a measure of neighborhood cohesion. Finally, Furstenberg,
journal of Community Psychology DOI: 10.1002/jcop
346 • Journal of Community Psychology, May 2006
Cook, and Eccles (1999) show that parental perceptions of high levels of social cohesion 
and social control result in parental willingness to invest in local institutions and servic­
es for youth in the community.
O ur work extends this previous research. We test the hypothesis that neighborhoods 
affect youth outcomes via structural neighborhood conditions and through parental per­
ceptions of the neighborhood. Most previous studies have only focused on one or the 
o ther of these factors. In doing so, we aim to better explain the influence of a child’s 
expanded social world on their com petence in school domains.
M ETH O DO LO G ICA L ISSUES
Research on the effects of neighborhoods must be concerned with the problem of poten­
tial selection bias. The process by which families select themselves into different neigh­
borhoods might, in some unobservable way, bias estimates of neighborhood effects. More 
motivated parents may choose better communities and be more motivated to prom ote 
positive child outcomes.
One possible way to address this problem partially is to include a wide variety of fam­
ily background measures as controls when using neighborhood characteristics to predict 
children’s outcomes, with the hope of capturing factors that might influence both resi­
dential choice and respondent outcomes. It remains an open question if enough covari- 
ates can be introduced into the analyses to account for all possible selection factors. 
Vartanian and Buck (2003) com pare results from traditional ordinary least square (OLS) 
analyses to those using sibling models that control for all m easured and unm easured 
family characteristics. They find that estimates of neighborhood variables from OLS 
models differ little from the fixed-effect estimates. Their interpretation of the results is 
that perhaps the models that control for a wide range of observable family and other 
influences may adequately address the selection of families into different neighbor­
hoods. However, this argum ent cannot be tested conclusively by the authors’ data.
In this article, we follow the approach of Ginther, Haveman, and Wolfe (2000) in 
using an extensive set of neighborhood variables to describe the characteristics of nar­
rowly defined residential areas (Census tracts containing approximately 4,000 individu­
als). A series of regression models are run in which individual and family characteristics 
are introduced in steps, starting with the most exogenous characteristics, and ending 
with those that may be confounded with the neighborhood itself. We m ore specifically 
discuss our expectations for the inclusions of various controls in the Methods section.2
DATA
We use the 1997 Child Development Supplem ent to the Panel Study of Income Dynamics 
(PS1D-CDS). Since 1968, the PS1D has followed and interviewed annually a nationally 
representative sample of about 5,000 families. In 1997, the PS1D supplem ented its core 
data collection with data on parents and a maximum of two of their children ages 12 or
JWe also follow the approach oi Turlev (2003) and exam ine whether the eiTects oi neighborhood characteris­
tics are stronger lo r children who have lived in the neighborhood lo r a longer period oi time, which would sug­
gest that it is som ething about the neighborhood itseli, ra ther than iamilies who chose to move to a certain 
neighborhood, that is driving the results.
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younger. The supplem ent includes assessments of the cognitive, behavioral, and health 
status of 3,500 children. O ne of the strengths of the CDS-PSll) is its link to multiple years 
of data on the children's parents. We use data on children aged 6-12 (;V= 1,777).
MEASURES
All of the measures used here have been standardized to have a mean of zero and a stan­
dard deviation of one. The advantage of this practice is that it enables us to compare 
across models and across dependent variables with coefficients in a common metric.
D EPEN D EN T VARIABLES
The dependent variables used in these analyses represent two im portant dimensions: test 
scores and classroom behaviors. Neither test scores nor behavior alone paints a complete 
picture of how a child is doing academically, but together these dimensions provide a 
fuller picture of a child's academic development.
Test Scores
We use math and reading test scores, which come from the Woodcock-Johnson Fsvcho- 
Educational Battery—Revised (WJ-R), and are com puted by the staff at the Panel Study 
for Income Dynamics. The WJ-R is a well-established measure that provides researchers 
with information on several dimensions of intellectual ability, including current develop­
mental status, degree of mastery in reading and mathematics, and group standing; it has 
been used by a variety of o ther scholars to represent academic achievement (McBride, 
Schoppe-Sullivan, & Moon-Ho, 2005; Shin, 2004).
The Woodcock-Johnson test, as operationalized in the PS1D-CDS, contains four sub­
tests that measure different aspects of academic achievement. The four subtests are 
Applied Problems (capturing mathematical reasoning), Calculation (measuring compu­
tational skills), Letter-Word (identifying letters and words), and Passage Comprehension 
(understanding written passages). As described in M ather (1990), the Applied Problems 
and Calculation tests are averaged to create a measure of Broad Reading Achievement. 
The Letter-Word and Passage Com prehension tests are averaged for a measure of Broad 
Math Achievement. These same measures, Broad Reading and Broad Math, are used in 
O rr et al. (2003)'s study of the MTO project.
Classroom Behavior
Two other outcome variables, classroom language adaptiveness and classroom disruptive­
ness, tap dimensions of classroom behavior. The classroom language adaptiveness scale 
consists of items derived from teacher's reports of how children use language in the class­
room (eight items; examples are: instructs peers, communicates stories to peers, rephras­
es questions, is easily understood, and is a good listener). These items were adapted for 
use in the PS1D-CDS from a larger index, called the Adaptive Language Inventory (AL1), 
which was developed to understand the links between poverty and children's language
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developm ent (Feagans & Farran, 1982). The AL1 has been found to be correlated with 
reading scores (Feagans, Fendt, & Farran, 1995). However, we know of no o ther study 
that has related neighborhood quality to children's language use in the classroom.
The classroom disruptiveness scale consists of items from the Achenbach Behavior 
Problem Index that were asked of the child's teacher (five items; examples are: academ­
ic underachiever, goes through the motions, makes excessive demands, acts up in class; 
Achenbach & Edlebrock, 1981). These items are specifically designed to elicit informa­
tion from teachers about impulsive classroom behaviors.
Pearson alpha for classroom language adaptivity was .96, for classroom disruptive­
ness, .84. We expected classroom language adaptive behavior to be positively related to 
o ther positive behaviors, and negatively related to behavior problems. An examination of 
correlations indicates that classroom language adaptivity has a .18 bivariate correlation 
with a measure of child positive behaviors, and a negative correlation with both external­
izing and internalizing problem s (-.20 and -.12, respectively). We also expected class­
room disruptiveness to be negatively related to o ther positive behaviors and positively 
related to behavioral problems. Results show that classroom disruptiveness has a -.29 cor­
relation with positive behaviors, and significant positive correlation with externalizing 
and internalizing behaviors (.35 and .15, respectively).
N E IG H B O R H O O D  C O N TEXT  
Census Factors
O ur key independent variables of community resources and risk factors are measured, at 
the Census-tract level, with several characteristics abstracted from the 1990 Census. An 
average Census tract consists of approximately 4,000 individuals. Although this is likely 
to be larger than what people imagine when they think of their “neighborhood,” it is a 
level of m easurem ent typically examined when using nationally representative data (see 
Brooks-Gunn, Duncan, & Aber, 1997). Information about a Census tract was m erged to 
the PS1D-CDS geocoded data. Although most work suggests that the presence of high- 
SES neighbors is a key predictor of child success, a consensus currently does no t exist on 
other im portant Census-based predictors. Accordingly, this research utilizes several meas­
ures of community characteristics, allowing us to com pare the influence of each. We fol­
lowed the methodology of Duncan and Aber (1997) and perform ed a principal compo­
nents analysis on the same Census measures originally considered in Duncan and Aber's 
article to create indexes of community characteristics that may be im portant predictors 
of youth well-being.
To derive neighborhood factors, individual items were first calculated from raw Census 
data (for example, the percentage of Black households equals the num ber of Black house­
holds divided by the num ber of households in the neighborhood). These were then sub­
jected to a principal components analysis with a varimax (orthogonal) rotation. In these 
analyses, we selected factors that had eigenvalues above point one, using the Kaiser criteri­
on as a guide. The principal com ponent analysis revealed six factors with eigenvalues over 
one, including two additional factors that are not considered here: percentage of youth 
and concentration of unemployment. Initial models indicated that these factors were not 
correlated with any academic outcomes. Additionally, analyses including all six factors did 
not change the pattern of results presented here. In the interest of parsimony, we elected 
to focus on the four neighborhood factors described below.
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The factors used in this analysis are: (a) Race/family structure:3 consisting of the per­
centage of families with children which are female-headed, percentage of individuals that 
are non-Latino Black, percentage of non-Latino White individuals (reverse-coded), per­
centage of families with children living as subfamilies, ratio of two-parent families with 
children relative to total num ber of children (reverse-coded); (b) low SES: consisting of 
the percentage of individuals with a college degree (reverse-coded), percentage of indi­
viduals in executive or professional occupations (reverse-coded), percentage of families 
with income greater than $50,000 (reverse-coded), percentage of individuals older than 
24 years of age with exactly 12 years of education; (c) residential instability: consisting of 
the percentage of rental units, the percentage of units in structures with five or more 
units, the percentage of individuals age 5 or more who lived in the same house 5 years 
ago (reverse-coded); and (d) immigration: consisting of the percentage of foreign-born 
and the percentage of individuals of Latino descent. Descriptive statistics for the factors 
are presented in Table 1.
Parental Perceptions
We also use two measures of parental perceptions of the neighborhood, each asked of the 
child’s primary caregiver (typically the m other). Although some researchers have com­
bined measures of social control and cohesion to create one larger measure (Sampson, 
Rausenbush, & Earls, 1997), the correlation between these measures in these data is mod­
est (.25), suggesting that it is im portant to consider each dimension separately.
Social Control. This measure consists of eight items, measured on a scale of 1 (very likely) 
to 4 (very unlikely), which were summed to create a single measure. The eight items cap­
ture responses to the following questions: How likely is it that a neighbor would do some­
thing if (a) someone was breaking into your hom e, (b) trying to sell drugs to your chil­
dren, (c) there was a fight in front of your house, (d) your children were getting in trou­
ble, (e) a child was disrespecting an adult, (f) a child was playing with matches, (g) a 
child was painting graffiti, or (h) a child was stealing something. These items are com­
bined in a scale with an alpha of .93. This measure of social control was adapted for the 
PS1D-CDS from Elliott et al. (1996), who used identical items with data collected in both 
Chicago and Denver and found that these items, which they used as part of a larger index 
of social control, m ediated the influence of neighborhood disadvantage on adolescent 
prosocial behavior (such as grades in school and personal efficacy).
Cohesion. This measure consists of three items asked of a child’s primary caregiver: How 
many good friends live in the neighborhood, how many adults in the neighborhood do 
the paren t talk to regularly, and how many children or teenagers in the neighborhood 
they know by name. To minimize the impact of high responses, these figures were log- 
transformed and were then standardized and summed into a single measure of cohesion.
In general, this l'actor encompasses diversity in both iamilv structure and in ethnic background. It captures 
dimension ol ethnic diversity by accounting for the African American population in a given Census tract. 
Family diversity is accounted for with items that differentiate between children living in single-parent families 
from children living in two-parent families, as well as accounting for whether children are living as subfamilies, 
which are formed when grown children move back to their parents’ home with their own children or spouse.
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Table 1. Weighted Means for PSID-CDS Children Aged 6-12 (N = 1,777)
Variables M SD
Measures of scholastic success
Math achievement 0.28 0.79
Reading achievement 0.28 0.81
Classroom language adaptivity 0.03 0.91
Classroom disruptiveness 0.03 1.02
Neighborhood characteristics
Race and family structure -0.01 0.91
Low socioeconomic status -0.01 0.84
Residential mobility -0.06 0.76
immigration concentration -0.02 0.94
Parental perceptions of neighborhood
Social cohesion 0.08 0.69
Social control -0.01 0.59
individual characteristics
Age of child in 1997 9.05 2.01
Child is male 0.50 0.50
Non-White ethnicity 0.55 0.50
Log of average income 10.28 0.92
% of child’s life parents married 0.60 0.42
Maternal education 12.60 2.54
Maternal depression 16.55 4.67
Moved neighborhoods for child 0.51 0.40
Percent of child’s life that parents owned a home 0.49 0.41
These items are com bined in a scale with an alpha of .79. This measure was also adapted 
from Elliott et al. (1996), who used these items as part of a larger measure of social inte­
gration, which was predictive of higher levels of prosocial com petence among adoles­
cents in Denver and Chicago.
Some simple correlational analyses were perform ed to explore the predictive validi­
ty of these measures. Results (not shown) found that parental perceptions of cohesion 
and control were positively correlated with parents' reports of their ability to discern 
strangers in their neighborhood, parents' overall rating of the neighborhood as a good 
place to raise children, and parents' agreem ent with the statem ent that “it is safe to walk 
around in this neighborhood.”
It is im portant to note that when parents in the PSID-CDS were asked about their 
perceptions of their neighborhoods, they were not asked specifically to think about their 
Census tract; therefore, their perceptions of the neighborhood may reflect a different 
geographic area than the Census-based measures described above. To examine this fur­
ther, data on parental perceptions of the size of their neighborhood were examined. 
Parents were asked, “What do you consider to be your neighborhood?” Responses indi­
cate that almost 67% view their neighborhood to consist of the block that they live on 
plus up to several adjacent streets. This is an area that is typically quite a bit smaller than 
the physical area represented by the Census tract, the level at which the neighborhood 
factors are measured. Thus, our results, based on models that use Census-based measures 
to relate neighborhood characteristics to child outcomes, may be biased downwards as 
we are likely capturing characteristics of a m uch larger area than what people typically
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consider to be a “neighborhood"’; this larger area likely includes the “neighborhood,"’ but 
may also include surrounding areas that are not as relevant for children and with which 
they do not come into contact a great deal.
Controls
In all analyses, we control for an extensive set o f background family characteristics. We 
take advantage of the longitudinal nature o f the main file data o f the PSll) to capture 
im portan t characteristics of ch ild ren ’s families m easured over several years, ra ther 
than just at a single po in t in time. This allows us to control for experiences occurring 
in ch ild ren ’s lives that may have influenced their academ ic outcom es, their p aren ts’ 
choice of neighborhoods, or o ther im portan t factors. The control measures used are 
child age, sex, and  race (using a dummy variable indicating that the child is non­
W hite); average family incom e over the ch ild ’s lifetime; percentage of time during his 
o r her lifetime a child spent in a m arried-couple family; m aternal educational attain­
m ent (m easured by years of education); and m aternal depression. We also control for 
some measures directly related  to the decisions families make about neighborhoods, 
including an indicator o f w hether the p aren t ever moved to a neighborhood to 
enhance the developm ent of their children, and  the percentage of the ch ild’s life that 
their parents owned a hom e. Additionally, we include a control for perception of 
neighborhood size, which ranges from the street that the family lives on to an area 
larger than a 15-minute drive. Means and standard  deviations for these measures are 
p resented  in Table 1.
To minimize the possibility that patterns of missing values on control variables 
would bias the analyses and attenuate power, values for control variables were im puted 
using an expectation maximization (EM) algorithm , which contained all controls, 
dependen t variables, neighborhood factors, and  parental perceptions o f neighbor­
hoods. Because EM creates a model using the com plete cases and uses it to im pute 
expected values for the incom plete cases, we saw this as the best way to include incom ­
plete cases in the analysis while making sure that patterns of missing data did no t affect 
the overall pattern  of results. Results com paring the EM data to the nonim puted  data 
did no t differ substantively.
M ETH O D
Hierarchical linear modeling (HLM; Raudenbush & Bryk, 2002) is used to model the 
clustering of cases (i.e., children) within larger units (in this case, Census tracts). In these 
data, each participant is associated with both individual-level (level 1) and neighbor­
hood-level (level 2) characteristics. This variance pattern presents the opportunity to dis­
cern which differences in child academic outcomes are attributable to individuals and 
which are due to neighborhoods. A basic HLM model is comprised of level 1 and level 2 
models. The level 1 model (presented in Equation 1) is a within-child model. In this 
model, the outcome (such as math scores) for child i in neighborhood j is function of 
child-specific characteristics (X,v), as well as parental perceptions of neighborhood cohe­
sion and control:
Y-4 =  |3„, +  |3 . IX I K(;. +  pa> CO N TR O L, +  |3„X., +  e,.
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111 the level 2 model, the average level of m ath scorcs (P„-) within a neighborhood is 
m odeled as a function of community variables {N) measured at the Ccnsus-tract level 
(N j), as in Equation 2.
Pi>> — 7m + ImNj + |X()j (2)
This study uses national data, which have many advantages in terms of representa­
tiveness and increased sample size, but have the limitation of a disperse nature of respon­
dents. In the PSID-CDS, 68% percent of the Census tracts contain only one household, 
18% contain two households, and 6% have m ore than three households. This low level 
of clustering would be problematic in a m easurem ent model, in which the goal was to 
use a series of items to reliably measure constructs. However, because our data arc clus­
tered by neighborhood, all results presented here use IILM, which is the most appropri­
ate m ethod of dealing with such data in a regression model.4
O ur analysis follows several steps. First, unconditional IILM models arc estimated for 
each of the four outcomes (i.e., no covariatcs arc added). Next, only the four Census fac­
tors arc included in the models. Then, the parental perceptions of neighborhood cohe­
sion and control arc added to examine whether they account for the influence of neigh­
borhood characteristics on children. In the next step, we add individual characteristics 
that arc exogenous to neighborhood influence but arc im portant controls in that they 
identify people who might select themselves into specific neighborhoods. These charac­
teristics include child age, race, and gender. Finally, we include a wide array of family- 
and individual-level characteristics that arc im portant controls but arc potentially prob­
lematic in that they may be influenced by the neighborhood itself. If our estimates of 
community characteristics arc robust to these controls, then we gain m ore confidence in 
our estimates of community contributions to youth outcomes. These controls include 
m aternal education, m aternal depression, the percentage of the child’s life that has been 
spent in a married-parent family, and family income.
RESULTS
We first present the results from unconditional models, designed to partition the child 
academic outcom e measures into within and between neighborhood components. 
Results from these models arc presented in Table 2. For reading scores, results show that 
although the overall mean standardized reading score is significant, showing that scorcs 
vary significantly within neighborhoods, the variance com ponents show that reading 
scorcs do not vary significantly across neighborhoods (p = .46). Similarly, the results 
show that, for math scores, there is significant variation within, but not between, neigh­
borhoods, as shown by the />valucs for the intercept and variance components, respec­
tively. Results for the measure of classroom language adaptivity and classroom disruptivc- 
ncss indicate no significant within-ncighborhood variation, but these measures do vary 
significantly across neighborhoods. These results suggest that we may sec a stronger role
‘T he IILM statistical software provides not only IILM estimates but also OLS estimates, with robust standard 
errors that account lo r clustering. In com paring these two m ethods of estimation, we did no t lind evidence ol' 
substantial dilferences in the patterns o f results. Specifically, we observe the same pattern  o f significance, mag­
nitude, and direction lo r the estimates ol' the effects o f the four neighborhood factors, as well as for the two 
measures o f parental perceptions of the community environm ent.
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Table 2. Unconditional Model Results for Measures o f Scholastic Success
Intercept, y,,,, Neighborhood M, U„
Coeff- SE t Ratio p-Value Variance df X; p-Value
Reading 0.31 0.03 11.090 0.00 0.02 677 680.05 0.460
Math 0.31 0.03 11.140 0.00 0.09 677 699.60 0.266
Classroom language adaptivity 0.05 0.03 1.490 0.14 0.24 677 1,037.46 0.000
Classroom disruptiveness 0.03 0.04 0.775 0.44 0.24 677 922.71 0.000
for neighborhood characteristics in predicting classroom language adaptivity and class­
room  disruptiveness than for the achievement outcomes. However, given that the true 
structure of the data are individuals clustered in Census-tract areas, techniques that 
account for the hierarchical structure of the data remain appropriate.
Tables 3 through 6 present the results of IILM analyses of the influence of neighbor­
hood characteristics on measures of school achievement. All independent variables were 
grand mean centered/' The results in every table move from a simple model with just the 
Census characteristics, then adding the parental perceptions. We then add in exogenous 
individual characteristics and Finally the potentially endogenous variables. As we move 
across analyses, a measure of model Fit, called the deviance statistic, was examined to test 
whether each of the groups of additional variables are jointly significant in explaining the 
outcomes. Across all four outcomes, this statistic is consistently significant, suggesting 
that each additional block of variables makes a significant contribution. The deviance 
estimates and the associated chi-square tests are presented at the bottom  of Tables 3-6.
Table 3 presents the results of analyses for reading achievement. In column 1, the 
neighborhood measures of racial/family diversity and low SES are negatively associated 
with reading achievement. Panel 2 shows that parental perceptions of community cohe­
sion have significant positive associations with reading achievement. However, inclusion of 
parental perceptions does not account for the neighborhood effects previously observed. 
Controls for child age, gender, and race are added next. Here, the positive influence of 
cohesion becomes nonsignificant, as does the negative influence of the neighborhood fac­
tor of race/family structure, whereas the measure of perceived neighborhood control 
becomes significant. Column 4 of Table 3 presents estimates after controlling for the full 
set of covariates. Here, there is no longer a significant association between perceived con­
trol and reading scores. However, the effect of low SES status of the community remains 
significant. Additionally, the effect of immigrant concentration becomes a significant pos­
itive predictor of reading achievement. The child characteristics that influence reading 
achievement are child age, ethnicity, maternal education, and family income.
Table 4 presents the results for math achievement. As shown for reading achievement, 
living in a community with lower SES status neighbors is associated with lower math scores. 
In panel 2, perceptions of community cohesion are associated with higher math test scores. 
Panel 3 of Table 4 includes exogenous individual characteristics. As was shown in the pre­
vious table, after the inclusion of these measures, the coefficients for cohesion become
'With grand m ean centering, independent var iables are center ed by subtracting each participant's value on the 
independent variable irom  the m ean oi that variable across the m ean oi all o ther participants in the sample. 
W hen grand m ean centering is used, the intercept is interpreted as the predicted score oi an individual whose 
value io r that independent variable is equal to the grand mean.
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insignificant, while the coefficient for parental perceptions of control becomes significant. 
In the last panel, the negative influence of living in a low-SES neighborhood remains sig­
nificant, but parental perceptions of neighborhood control lose significance. Interestingly, 
again, once the full set of covariates is included, a significant positive influence of living in 
a community with a higher concentration of immigrants emerges.
Table 5 presents the results of analyses for classroom language adaptivity. In the first 
model, we observe negative influences for low SES status and racial and familial diversity. 
In panel 2, perceived cohesion is a significant positive predictor of better language use, and 
the Census neighborhood variables remain significant. Next, in panel 3, exogenous indi­
vidual characteristics are included. The negative coefficient for racial and familial diversity 
is reduced to nonsignificance. Additionally, the positive coefficient on cohesion becomes 
nonsignificant, but the measure of parental perceptions of control becomes significant. 
Panel 4 of Table 5 presents results controlling for the full set of covariates. As observed with 
math achievement, living among more immigrant neighbors is now significantly associated 
with improved language adaptivity. Additionally, the protective effect of parent-reported 
control is no longer significant, nor is the negative effect of neighborhood SES.
Table 6 presents the results of analyses of classroom disruptiveness. Lower communi­
ty SES and residential instability are both associated with more disruptive behavior. Once 
parental perceptions are controlled, results show in panel 2 that living in a community 
characterized by higher racial and family diversity is also associated with m ore disruptive 
behavior, but neither parental perception measure is associated with classroom disrup­
tive behavior. Panel 3 of Table 6 includes exogenous individual characteristics. Here 
again, the neighborhood factor of racial and family structure diversity becomes non­
significant. Additionally, a significant protective influence of neighborhood-level immi­
grant concentration emerges. In this model, low neighborhood SES and residential 
mobility continue to have a significantly negative effect on disruptiveness. Finally, in 
panel 4, the inclusion of the full set of controls reduces the low SES factor to insignifi­
cance, whereas immigrant concentration remains negatively associated with disruptive 
behavior, and residential mobility retains a positive association.b
DISCUSSION
The purpose of this study was to test a model of neighborhood influence on school-aged 
children that includes both structural conditions and parental perceptions of the neigh­
borhood. The results provide consistent evidence that living in a neighborhood with low- 
SES neighbors is associated with deficits in both test scores. This is consistent with Chase- 
Lansdale et al. (1997) and Brooks-C.unn et al. (1993), each of whom tested the influence
“As a check l'or the potential eilects oi selection bias, we separ ated the sample irrto those who had resided irr 
the same neighborhood longer than  3 years arrd those who had rrot. This strategy' is similar to that used by 
Turlev (2003) arrd is based orr the argum ent that ii the coefficients orr the neighborhood iactors are truly pick­
ing up the irriluerrce oi livirrg irr a certain type oi neighborhood, ra ther than proxvirrg Tor the type oi person 
who moves to that neighborhood, then these coefficients should be stronger Tor children who have lived irr the 
same neighborhood Tor a longer period oi time. The results oi these additional analyses, using the Tull m odel 
with all covariates added, are shown irr Table 4. These results irrdicate that the detrim ental eilects oi low' SES 
arrd the berreiits oi im m igrant concentration are only consistently sigrriiicarrt Tor the children whose iamilies 
have lived irr the neighborhood Tor at least 3 years. We do still iirrd a sigrriiicarrt associatiorr between low' socioe­
conomic status arrd m ath achievem ent irr this subsample oT children who have resided irr their locations Tor less 
than 3 years. These supplem ental analyses provide additiorral support to the overall robustness oi the relation­
ships we report irr this article.
Journal of Community Psychology 1)01: 10.1002/jcop






** * * *CO 1 0 rtn rtn iO lO ,—| <£, 00 ,—1 ,—1 ,—1 <£} 0 rtn l>
0 p O O O O O O O 0 p p H p H O O
0 0 O O O O O O O 0 0 0 0 0 0 O O l>Oi "•—^
*
1.0 CO O ,—1 l > Oi CO CO 00 ,—1 1 0 Oi CO *
p p O O H O O O Oi CO p p p p H O O O p
0 0 O O O O O O 0 0 0 0 0 0 0 O O 00 o i
1 1 1 1 1 05 1 0
Cft
* * *
* * * *CO 1 0 rtn rtn rtn lO ,—1 <r> 00
p p O O O O O O 0 p
0 0 O O O O O O 0 0 J> CO
*
1 0 0 Oi CO iO <£} ,—1 Oi CO *
p p pH O O O H O o t p
0 0 O O O O O O 0 0 0 <£>
1 1 1 1 1 0
o f
-X- *
* * *CO iO rtn lO lO
p p O O O O O

















p p p p O
0 0 0 0 O
.©
O
O^ COOi OiO H H p p
O O 0 0 0
*
-X-01 a>























& _ .5 5*-a -rSi O <73 <D 
'oO «hO —1 "■H ^•a p * ~!U
ca
_ <u 8 •T|< .,—j +J 5/5ca ^ <u
~ g ca
CO- , T5 













' ^ -SI <h -d
' 73 73
a ,  <2 <u £
o  o  $  £  










^ -9 o -£rl .&0






I *P , </>
































































358 • journal of Community Psychology? May 2006
53<-0
#CO
##1.0 1.0© o o o o o o
© © © © © © ©
# # 4C-
# # # # # #
CO o (M pH GO CM 00o »—1 o o pH o pH o o
© © © © o o o o o CM
<-0
CM 00 00 1.0 CO pH CM 00 o 1.0 pH o GO CO CM 1.0o o o pH CM o o o GO CM o o GO o CM pH o
o o1 o o o1 o o o o o o1 o o1 o o1 o1 o1
# # # ## # # 4C- 4C-
GO CO 1.0 1.0 CM J> oo o o o o o o o o pH
o o o o o o o o o o
CM o CM CM oo o pH CM pH o o o GO








GO pH 00 ^  CMo pH pH o  o  o GO




1.0 COo o o o o
o o o o o s
4C-
GO pH 1.0 4C-o pH pH pH o o CM



























j_, .2 —1bo 0













ca  ~ ~ c
V  o2  g




g 00. 2:1 







g a  
E u 
3  S 
S H
1  “
. "S ^0 JS J2 ^
















= so J2*_n c o
0-< ^  t/3OP fl) <u
> hS-< O Si; w 3^
:CL






journal of Community Psychology DOI: 10.1002/jcop
Community Contributions to Scholastic Success • 359
of a wide range of neighborhood characteristics on children, and found that neighbor­
hood economic status was most consistently associated with child well-being. Their analy­
ses focused on young children, and the current study confirms that this association also 
holds true for older children. O ur results also indicate that for measures of classroom 
behavior, the influence of living in a low-SES neighborhood on children is reduced to 
insignificance in model four, with the inclusion of the full set of covariates. This suggests 
that it may not be the SES of the neighborhood, but rather the individual circumstances 
of the children living there, that are most im portant when predicting children’s behav­
ior in the classroom. In additional analyses, we found that it is not one single individual 
characteristic but the overall set of individual characteristics that causes the SES factor to 
become insignificant in the final models.
Rather than signaling a scenario in which social capital is likely to be diminished when 
neighbors have a dissimilar background, the results indicate that living in a community 
with higher levels of immigrants is associated with improved classroom behavior and test 
scores. These findings lend support to the idea that communities with many immigrants 
represent a concentration of individuals whose immigration experience proxies for a con­
stellation of factors, such as organization and motivation, that ultimately translate into an 
environm ent where education is valued as a m arker of adjustment to the United States. 
These findings are also consistent with o ther research showing that immigrants hold edu­
cational success to be very im portant goals for their offspring. For example, Rauh et al. 
(2003) found positive effects of living in an immigrant community on third-grade reading 
achievement scores and have interpreted their findings as evidence of a setting that pro­
motes learning and behaviors, such as positive classroom language adaptiveness, leading 
to school success. We know of no other research that has examined the role of immigrant 
concentration in influencing children’s academic achievement with national data; thus, 
these results point the way for more work in this area.
Throughout these analyses, we observe that the beneficial effect of immigration con­
centration emerges only after controlling for o ther im portant covariates. Results (not 
shown) suggest that maternal education suppresses the effect of immigrant concentra­
tion on children’s test scores. Specifically, children who live in neighborhoods with larg­
er concentrations of immigrants tend to have m others who have lower levels of educa­
tion, and low maternal education is negatively associated with reading and math scores. 
Consequently, in models that do not control for individual characteristics, the positive 
effect on im migrant concentration on test scores is biased downwards and subsequently 
suppressed. For classroom language adaptivititv and disruptiveness, multiple factors 
serve to suppress the positive effect of the immigration factor in earlier models.7
O ur results also indicate that living in a neighborhood with greater residential insta­
bility is associated with increased classroom disruptiveness, but not with o ther child out­
comes. Perhaps movement of children in and out of the school system promotes m ore dis­
ruptiveness. Family migration (Hagen, MacMillan, & Wheaton, 1996) may disrupt com­
munity social capital and lead to negative effects on adolescent educational outcomes. 
Finally, a particularly interesting finding is that the measure of neighborhood racial and
’Maternal education, hom e ownership, and marital status are all negatively correlated with imm igrant concen­
tration and positively correlated with classroom language adaptivity. Maternal depression is positively correlated 
with imm igrant concentration and negatively correlated with classroom language adaptivity. Once these meas­
ures are controlled, a positive association between living in a neighborhood with a higher concentration of immi­
grants and classroom language adaptivity emerges. Finally, when looking at classroom disruptiveness, both the 
race and gender of the child serve to suppress the inlluence of imm igrant concentration in earlier models.
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family structure diversity is consistently associated with lower test scores and worse class­
room behavior; but this is only when individual characteristics of children and their fam­
ilies are not controlled. After these are controlled, there is no association between living 
in a more diverse neighborhood and academic outcomes. This suggests that the race and 
family structure characteristics of neighbors do not exert a unique influence on children, 
beyond their own family characteristics.
In this research, we find a limited role for the predictive power of parental percep­
tions of the neighborhood for children's school outcomes. All of the initial significant 
effects of perceptions of social cohesion and control become nonsignificant once indi­
vidual and family characteristics are accounted for in the models. This finding is similar 
to o ther recent research by Wen, Hawkley, and Cacioppo (2004), who find that percep­
tions of neighborhood quality are reduced to insignificance when individual-level con­
trols are added. We also do not find any evidence that parental perceptions of integra­
tion or control account for the influence of neighborhood characteristics on children's 
academic outcomes. There are likely explanations for the lack of consistent significant 
associations between parental perceptions and youth outcomes. First, our measures may 
not be finely m easured enough to detect significant effects that might truly be present in 
our data. Second, we use parental perceptions of community characteristics; information 
on the child's perception of the community m ight generate findings that are more sig­
nificant. Unfortunately, these data were not available.
It should be noted that a limitation to these analyses is that school contextual infor­
mation was not available. Inclusion of school-level characteristics, such as level of school 
funding, could provide im portant information about o ther potentially im portant influ­
ences on child scholastic success that are correlated with neighborhood quality.
Together, this study makes several contributions to the literature examining the influ­
ence of neighborhood conditions on children. First, we focus on an understudied age 
group. Second, we examine the influence of both objective and subjective measures of the 
neighborhood, finding that objective measures play a more powerful role in shaping chil­
dren's academic achievement. Finally, we examine a wide range of both neighborhood 
measures and child outcomes. We find that, in general, measures of parental perceptions 
are not consistent predictors of achievement and classroom behavior in middle childhood. 
In contrast, living in a community with low-SES neighbors is associated with lower achieve­
ment. Perhaps the most suggestive finding is the protective association between living in a 
community with a higher concentration of immigrant neighbors and measures of class­
room achievement and behavior. These findings suggest, at the very least, an important 
avenue for future research in the area of community contributions to scholastic success.
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